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Abstract. This paper presents an approach to automated structuring event-related information extracted from
unstructured textual Internet sources for process mining tasks. In many practical cases, information on events
associated with various processes is not presented in the form of ready-made event logs, but is distributed
among news publications, reports and other textual materials. This significantly complicates applying process
analysis tools that use data presented in certain formats (for example, XES), since it requires searching for
relevant texts, interpreting and transforming them into a structured view suitable for analysis with using existing
Process Mining tools. The task is even more complicated if it is necessary to extract additional attributes
associated with described events, which makes it possible to identify deeper regularities and patterns that
characterize the processes under study, to use new methods for analyzing processes that take these
characteristics into account. The proposed approach is based on combination of ontological representations of
domain knowledge and information on data sources and large language models, generative artificial
intelligence. The ontological layer is used to describe domains of the studied processes, open sources of
information about them, user queries and results of processing the found information, while generative models
provide searching for relevant information, extraction of data on events and their primary processing and
structuring. To implement the approach, a general solution architecture has been proposed that allows
automating the receipt of text data from various sources based on user requests generated using ontology,
preprocessing the received data using generative models, structuring and normalizing the extracted event data,
as well as preparing data for generating event logs in specifying formats. To illustrate possibilities of the
proposed approach, a controlled experimental scenario is considered. Experiments have shown that the
described software solution allows researchers to find relevant text materials, highlight events and their
attributes, as well as form a structured view suitable for further logging events, transformation data into event
log. At the same time, the results showed necessity additional normalization of data and expert interpretation
of part of the extracted information.
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Annoranus. B crarbe mpencraieH HOAXOA K aBTOMATU3HPOBAHHOMY CTPYKTYPHPOBAHHIO HH(MOPMALUU O
COOBITUSIX, M3BIEKAGMOH N3 HECTPYKTYPHPOBAaHHBIX TEKCTOBBIX JHTEpHET-HCTOYHHKOB, U 3ajad
yriyOIEHHOT0 aHAIM3a IPOIECCOB. BO MHOTHX MPAKTHYECKHX CITydYasX CBEICHHS O COOBITHSX, IPOMCXOISIINX
B paMKaXx pa3jIM4YHbIX MPOLECCOB, IIPEACTABJICHBI HE B BU/JIC I'OTOBBIX XXYypPHAJIOB COGLITMﬁ, a pacnpeacieHsbl o
HOBOCTHBIM ITyOJMKAIMsM, OTYETaM M APYIHM TEKCTOBBIM MaTepHalaM. JTO CYINECTBEHHO YCIIOXKHSET
IpHMEHEHNE CPEACTB aHalH3a IPOIECCOB, HCIONB3YIOIINX NAHHbIE, IPEACTaBICHHBIE B ONpPEACTEHHBIX
¢dopmarax (nanpumep XES), nockonbky TpeOyeT BBINOJIHUTH MOMCK PEJIEBAHTHBIX TEKCTOB, HX
UHTEPIPETALNI0 ¥ [PeoOpa3oBaHHE B CTPYKTYpPUPOBAHHOE MPEACTABICHHE, IPUTOAHOE Ul aHAIN3a C
MOMOIIBIO CYIIECTBYIOMUX CpeAcTB Process Mining. 3ajgaua emgé Oonee yCIOXKHSICTCS, €CIH HEOOXOIHMO
U3BIEKAaTh JONONHHUTENbHBIC aTPUOYTHI, CBSI3aHHBIC C ONHCAHHBIMU COOBITHSAMH, 4TO JA€T BO3MOXKHOCTH
BBUIBUTH OoJiee TIIyOOKHE 3aKOHOMEPHOCTH, XapaKTepU3YIOIIe HCCIeLyeMble IPOLECChl, IPUMEHSITH HOBBIE
METOJBI aHalin3a IPOLECCCOB, YUYUTHIBAIOIIUE OTU XapaKTECPUCTUKH. HpennaraeMbIﬁ ImoJAX0 A OCHOBaH Ha
COYETAaHHU OHTOJIOTMYECKOTO NPEJCTABICHHS 3HAHHWI O NpeIMEeTHBIX O0NAcTSIX M HCTOYHHKAX IAaHHBIX U
OONBIINX S3BIKOBEIX MOJENEH, TeHepaTHBHOIO MCKYCCTBEHHOTO HHTE/IEKTa. OHTOIOTHYECKHH CIIOi
UCIOJB3YETCA Ui ONMCAHUA TIPEAMETHBIX 06HaCTeﬁ HCCIIEAYEMBIX IPOLECCOB, OTKPBITHIX HCTOYHHUKOB
MH(POPMALIUK O HHX, TT0Jb30BATEIBCKHUX 3alIPOCOB M PE3YJIbTaTOB 00pabOTKU HalijeHHO! nH(OpMaLuH, Toraa
KaKk TeHepaTHBHBIC MOJIENH O0OECIeUHBAIOT IIOMCK PEeNICBaHTHOH HMHGOpMAlUM, H3BJICUCHHE JAHHBIX O
COOBITUSIX U MX NEPBUYHYIO 00pabOTKy M CTPYKTypHupoBaHue. s peann3auuy noaxoaa nNpeuioxkeHa oomas
APXUTEKTYypa PEUICHUS, MO3BOJIAIOMICIO0 aBTOMATU3UPOBATH IMOJYUYEHUE TEKCTOBBIX JAaHHBIX W3 Pa3IMYHBIX
HCTOYHUKOB Ha OCHOBE IOJIb30BaTEIbCKHUX 3alPOCOB, COPMHPOBAHHBIX C HCIIONH30BAHHEM OHTOJIOTUH,
penoOpaboTKy MONYYeHHBIX TAaHHBIX C HCIIONB30BAHHEM T'CHEPAaTHBHBIX MOJeNell, CTPYKTypUpOBAaHHE U
HOPMAJTH3allMI0 M3BICYEHHBIX JAHHBIX O COOBITUSX, @ TaKKe NMOATOTOBKY MAHHBIX s (HOPMUPOBAHMS
JKypHaJI0B COOBITHI B 3aiaHHbIX (opmaTax. sl MILUTFOCTpALMKM BO3MOXHOCTEH HPEJUIOKEHHOr0 MOAXO0Ja
paccMaTpHBaeTCs KOHTPOIUPYEMBIH OKCIEPHMEHTalbHBIH cleHapuil. IIpoBenSHHBIE 9KCIEPUMEHTHI
MOKa3aJIH, 9TO ONHCAHHOE IPOTrPaMMHOE PEelIeHHE T03BOJIIET HAXOIUTh PEIeBaHTHBIC TEKCTOBBIC MATEPUAIBL,
BBLIEIATH COOBITHS M UX aTpHOYTHI, a Takke GOPMHUPOBATH CTPYKTYPHPOBAHHOE NPECTABICHHE, IPUIOHOE
JUIS TIOCHENyIOIero IpeoOpa3oBaHUs B OKypHAI coObITHH. BMmecre ¢ TeM pesynbTaThl IIOKa3alu
HE0OXO0JUMOCTb JOMOIHATENBHOH HOPMaIH3alliy JaHHEIX U OKCIIEPTHOH HHTEPIPETAUH YaCTH U3BICUEHHON
nHdopmanmu.

KimroueBbie cjIoBa: MOKWCK I/IHCI]OPM&LII/II/I; 06p360TKa TEKCTOB Ha €CTCCTBCHHBIX A3BIKAX; I/IHTCIIIICKTyaHI)HHﬁ
aHalin3 TEKCTOB; U3BJICYCHUEC I/IH(i)OpMaI_II/II/I o COGI)ITI/ISIX; TIIPOTOKOJIMPOBAHUE COGLITI/II;'I; oaxo, OCHOBaHHBIN
Ha OHTOJIOTHH, MNOAXOJ Ha OCHOBEC I/H/I, TCHEPATUBHBIC MOJCIIH, OoJiblast SI3BIKOBAsS MOJEJb; KOHTPOJb U
AHaJIU3 MPOLIECCOB.

Jns uutupoBanusi: Boponosa K. 1., JIsgosa JI.LH. ABromaTuzupoBanHOe HOPMUPOBAHKE KYPHAIOB COOBITHI
JUISL 337124 aHAJM3a MPOLIECCOB HA OCHOBE HECTPYKTypHpoBaHHBIX MHTepHeT-uctounukoB. Tpyast UCII PAH,
ToMm 38, BbIIL. 4, yacth 1,2026 1., ctp. 153—170 (na anrnuiickom sizeike). DOL: 10.15514/ISPRAS-2026-38(4)-8.

1. Introduction

In recent years, process analysis tasks have been addressed in an increasingly broad range of
domains. Process Mining methods are applied not only to traditional domains with event logs
received from enterprise information systems (operating systems, database management systems,
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etc.), but also to processes whose data is presented in textual documents, open databases, news
publications, analytical materials, and other digital sources [1-3].

Another feature of these research areas is that additional attributes specific to the appropriate
domains are found for events. Analyzing the values of these additional event attributes allows
researchers investigating the dynamics of the behavior of complex systems and evaluating changes
of the system states defining with these additional attributes. The papers [4-6] consider the issues of
analyzing processes with methods taking into account the values of additional attributes but not only
mandatory event attributes like case identifier, activity type, and timestamp.

An approach providing generation of events logs according to the user-defined rules based on the
analysis of the values of additional attributes, their dynamics is suggested in the papers [7-8]. Event
records that reflect these dynamics are included in the formed event log. To describe the rules, a
domain specific language has been developed. Software tools have been implemented that provide
the ability to create rules with no-code user interface and to present user's rules, describing events,
in the system ontology and to interpret them when analyzing attribute values and generating event
logs.

In many practical situations, however, the information required for analysis is not available in the
form of ready-made event logs but is contained in unstructured textual sources. Under such
conditions, process analysis requires information retrieval, interpretation, and transformation into a
structured representation [9]. This problem is especially important in the analysis of global
processes, where event-related information is distributed across heterogeneous open
sources [10-12].

Studies on event analysis based on Internet sources and Process Mining methods show the promise
of this direction, while also indicating the need for specialized means of searching, representing, and
interpreting event information [10-11]. Ontology-driven approaches make it possible to formalize
domain structure, ensure consistent event descriptions, and support knowledge reuse [12-13]. At the
same time, generative models open new possibilities for automating information retrieval,
extraction, and structuring, although they still require control over the correctness of the obtained
results [14-15].

Therefore, there is a clear need to design an intelligent software solution that automates the full cycle
of working with event information from unstructured textual sources, from text retrieval to event
logging in a form suitable for using process mining tools to solve tasks of process control and
analysis.

Presented research project aims at developing an approach to the automated structuring of event
information from unstructured textual sources for process analysis tasks and implementing this
approach as a research prototype.

The study addresses the following tasks:

1) analysis of existing approaches to finding, extracting and structuring event information from
textual sources;

2) developing the general architecture of an ontology-driven and Al-based prototype;
3) creating the ontological and intelligent basis of the proposed solution;

4) experimenting for demonstration of the capabilities of the proposed approach and for
evaluation of the results.

2. Text Mining and Event Information Structuring: Related Work

Research on processing textual data for events and process analysis covers event information
retrieval, extraction, structuring, and preservation of results for reuse. These tasks are addressed by
classical NLP methods (NLP — Natural Language Processing), knowledge-driven approaches based
on semantic models and ontologies, and Al-based solutions (Al — Artificial Intelligence) using
generative language models (LLM — Large Language Models) [9, 14-17].
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Traditional approaches rely on rules, templates, semantic annotation, and NLP methods. They are
interpretable and effective in well-formalized domains, but when applied to heterogeneous sources,
variable linguistic constructions, and implicitly expressed events, they often require substantial
tuning and provide only a limited degree of automation [9]. Studies on event analysis based on
Internet sources also show that the required data are usually not available as ready-made event logs
and must first be retrieved, interpreted, and transformed [10-11].

Knowledge-driven approaches, especially ontology-based ones, make it possible to formalize
domain structure, define key entities and relations, support search extension through semantic links,
and preserve processing results for further reuse [12-13, 18-20]. Al-based approaches, particularly
those using generative language models, provide greater flexibility and a higher degree of
automation in searching, extracting, and structuring information from texts, although their output
depends strongly on query formulation, context completeness, and model characteristics and
therefore still requires interpretation and control [14-15, 21-22].

Thus, knowledge-driven and Al-based approaches address various aspects of the same problem and
can complement each other. Ontologies support domain modeling, search, interpretation, and
preservation of results, whereas generative models support retrieval, extraction, and initial
structuring of event information from unstructured textual sources [12]-[15], [20]-[22]. The main
characteristics of these approaches are summarized in Table 1.

Table 1. Comparison of approaches to searching, extracting, and structuring event information.

Approach Strengths Limitations Role in solving the problem
Rules and Predictable in narrow Require manual tuning; Suitable for repetitive and
templates formalized tasks weak for variable texts well-structured cases

. D i i . .
Support extraction of ep@ndmg ON PIEProCesSINgG | 550 d for basic extraction
NLP methods o . quality and domain . .
entities, events, and relations . and semantic annotation
adaptation

tology- F li in struct . . h
Or_l ology ormalize do_mam structure, Require ontology design and Support search,
driven support consistency and : interpretation, and

maintenance .
approaches knowledge reuse structuring
. Flexible for unstructured Require verification, Used for retrieval,
Generative . . o, - sl
texts, provide high sensitive to query and extraction, and initial
models . .
automation context structuring
. bi ti . Most ising fi
Hybrid Com. nesemantic More complex to design and OSt promsing tot
consistency with flexibility | . comprehensive problem
approaches . integrate :
and automation solving

Therefore, the literature review suggests that the most promising direction for processing event
information from unstructured texts is the combined use of domain knowledge and modern language
models. An approach to software development based on ontology-driven implementation integrated
with generative Al is preferable.

3. Proposed Approach: Automated Event Logs Generation Based on the
Knowledge and Modern Language Models

3.1 General Approach to Automated Structuring of Event Information

The proposed approach is aimed at automating the full cycle of processing information about events
contained in unstructured textual sources. Unlike solutions focused only on extracting individual
facts, it covers retrieval and preparation of relevant texts, extraction of events and their attributes,
structuring and normalization of the obtained results, and preparation of the event log representation
suitable for the subsequent process mining.
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A key feature of the approach is the combination of knowledge-driven and Al-based components.
Knowledge-driven components describe the domain, information sources, query history, and
processing results, while generative models are used to process variable unstructured texts, identify
events, and convert the obtained information into a predefined structure. This combination increases
the degree of automation while preserving semantic consistency and enabling reuse of the obtained
results.

The general workflow of the proposed approach is shown in Fig. 1.

Analytic A
matenals
Iy
Results and)
News ! Reportsy metadata Event Log
publications : documents A A
T ' T | | [
- . - ' | [
[ | 1 [
vy oy Propared lexls Extracted evenls \ Struclured evenls (JSON) XES

Ei:m';lnﬂ'gr Event extraction from| [ Swcturing e 1 (me log gensration Procass analysis .
redevant lexts foxts J rL evenlts J ’I\_ using Precess Mining -

Fig. 1. General workflow of the proposed approach.

The processing starts with retrieval unstructured textual sources and includes finding and preparation
relevant texts. The next step is extracting information on events from found and preprocessed text.
Then structuring and normalizing extracted information on events are executed. Extracted
normalized data presented in JSON format is passed to the next step. Preservation of texts
preprocessing results and metadata, event log generated in the XES format for subsequent Process
Mining analysis is the last step.

3.2 Generalized Architecture of the Proposed Solution

The general architecture of the proposed solution includes subsystems for text acquisition, text
processing using generative models, structuring and normalization of event information, and event
log generation in the XES format. The architecture is based on the combination of Al-based and
knowledge-driven components and is aimed at supporting the full processing cycle, from text
acquisition to preparation of results for subsequent analysis in Process Mining tools. The general
architecture of the proposed solution is shown in Fig. 2.

The prototype implementation relies on a modular software organization. Intermediate results are
represented in a structured JSON format, which simplifies interaction between the retrieval,
extraction, normalization, and events log generation modules. The solution is implemented as a web-
based system with a browser interface and backend services responsible for text processing,
interaction with generative models through an external API, and transformation of the obtained
results into the XES format. Such a design supports extensibility and makes it possible to evolve
individual components independently.

The text acquisition subsystem provides access to external textual sources and transfers the prepared
text to the subsequent processing stages. The subsystem based on generative models is responsible
for retrieving relevant information, extracting events and their attributes, and providing an initial
structured representation of the result. The event structuring and normalization subsystem
transforms the extracted data into a consistent internal representation required for subsequent events
log generation.

An essential role in architecture is played by the ontology-based knowledge layer, which includes
the domain ontology and ontology of data sources as well as the ontology of user's queries and
results of their execution. This layer is used to define the processing context, support result
interpretation, and preserve the interaction history. At the final stage, the XES generation subsystem
produces an event log that can be used in process analysis tools, in particular ProM.
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Fig. 2. Generalized architecture of the proposed ontology-driven and Al-based solution.

3.3 Ontological Basis of the Proposed Approach

An essential part of the proposed approach is ontology-based knowledge representation used for
retrieval of information on events and preservation of searching and processing results. In
accordance with the tasks of the paper, the ontological model can be divided into two main parts:
the ontology of the domain and information sources, and the ontology of user interaction and
processing results [12-13, 16-20].

The first part describes domains, event types, their attributes, source characteristics, and relations
between the main entities (Fig. 3). It formalizes the problem context, extends retrieval through
semantic relations between concepts, and supports a consistent interpretation of extracted event
information, which is especially important for heterogeneous textual sources, including Internet
materials and news publications [10-13, 18-20].

The second part represents interaction between user and system. User's tasks, query formulations,
prompts, model invocation parameters, query execution results, and structured representations of
extracted events, thus supporting interaction history, result provenance and reuse of previously
obtained data are stored in this part of ontology (Fig. 4, 5) [20].

The ontology-based model can be decomposed into several interconnected components supporting
different processing stages. Their main content and roles are summarized in Table 2. Such a
decomposition makes it possible to connect retrieval, interpretation, preservation of intermediate
results, and preparation of structured representations within a unified semantic framework. Together,
these two parts form a unified semantic layer connecting source texts, processing parameters,
extraction results, and their further transformation into a structure suitable for event log generation
in the XES format. Although ontology development remains a non-trivial task, existing ontology-
driven approaches show that such models can serve as the basis for intelligent analytical tools
supporting retrieval, interpretation, and preservation of processing results [12-13, 19-20].
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[®rmon | [ ® opanizasen |

Fig. 3. Fragment of the ontograph of the domain and data information ontology.
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Fig. 4. Fragment of the ontograph of the user query ontological extension.
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Fig. 5. Fragment of the ontograph of processing results and event log generation.

Table 2. Ontology-based components and their role in the solution.

Component Stored entities Role in the solution

domain concepts, event types, actors, provides semantic context for extraction

Domain model temporal and spatial attributes and normalization

source types, documents, URLSs, source

Source model supports retrieval and source tracking

metadata

Query model user tasks, search queries, prompts, model preserves interz_lction history and
parameters processing settings
extracted events, supports result preservation and

Resul 1 . Lo
esult mode structured JSON representations, metadata transformation into XES

3.4 Use of Generative Models in the Proposed Approach

In the proposed approach generative models are used both for retrieving relevant information and
for processing unstructured textual sources and transforming extracted information into a predefined
structure. Their role includes text retrieval, extraction of events and their attributes, and initial
representation of results in a form suitable for subsequent structuring [14-15].

Generative models are especially useful for variable texts in which events, participants, and relations
are expressed implicitly or heterogeneously. In such cases, a language model can take context into
account, interpret formulations, and produce a more coherent representation of event information.
At the same time, the correctness of the result depends substantially on query formulation,
completeness of context, and interaction parameters [14-15, 21-22].

When generative models are used at the retrieval stage, irrelevant results and hallucinations are
possible. Within the proposed approach, the final decision on the relevance of the retrieved
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information remains with the analyst, who may either exclude such results from further processing
or consider them as potentially meaningful outliers [14-15].

The generative model is used in combination with the ontology-based foundation of the system. The
ontological layer provides the processing context, supports result interpretation, and preserves the
history of user queries, prompts, and obtained structured representations [12-13, 20]. Thus,
generative models provide flexibility and automation, whereas the ontological basis ensures
consistency, traceability, and reuse of results.

To support the user in setting up tasks for searching, extracting and structuring event information,
the designed system provides for the use of query templates. The query template in this work is
understood as a generalized structure for accessing a system or a generative model, which defines
the type of problem to be solved, a set of mandatory and additional parameters, processing
restrictions and the expected format of the result. The need to use templates is due to the fact that
the result of the texts processing largely depends on the accuracy of the request wording. The same
text can be processed differently depending on which events need to be highlighted, which attributes
are considered mandatory, which additional characteristics to take into account and in what form the
result should be presented. Query templates are therefore seen as a means to unify user scenarios
and improve processing reproducibility. In the system being designed, query templates are
associated with an ontological layer. Domain and source ontology can be used to substitute
keywords, synonymous formulations, related concepts, event types, possible event attributes, and
valid sources. The user query extension ontology describes a mechanism for matching source
keywords with ontology concepts and generating an extended search query. The ontology of user
queries and results, in turn, allows you to save information about the applied templates, their filling
parameters, execution results and generated event logs. This creates the basis for reusing successful
processing scenarios in similar tasks. Query templates can be used at different stages of the system
operation: when searching for text materials, expanding the query ontologically, extracting events,
highlighting additional attributes, structuring the result, generating an event log and saving
information about the processing performed. In this case, it is advisable to divide the template
parameters into several groups (Table 3).

Table 3. Ontology-based components and their role in the solution.

Template type Template purpose Template main parameters
Search for text Receive or select source texts for |subject, text retrieval method, URL, source type,
materials processing period, language, keywords, search restrictions
Ontological query Refine original query with source query, keywords, synonyms, related
extension ontology terms concepts, event types, event attributes
Event retrieval Highlight basic events in text text, subject, required event fields, required
result format
Advanced event Highlight additional event additional attributes, participants, location,
retrieval attributes (characteristics) cause, effect, source, metrics, domain constraints
Structuring and Bringing the result to a single field list, data types, date format, skip rules,
normalization structure normalization rules
Event log generation | Prepare data for XES format case_id, activity, imestamp, resource, XES
extended attributes, grouping rules
Result saving and Commit completed processing 3alpoc, PACIMPCHHBIN AIIPOC, HCTOTHHKH,
o . . h pesyasrar B popmare JSON, coObITusL, )KypHAI
traceability and relationships between objects
XES, MerananHbie 00paboTKu

The use of templates also allows you to increase the controllability of interaction with the generative
model. In the template, you can predefine the required response format, rules for handling missing
values, a list of invalid assumptions, and requirements for the structure of the JSON result. This is
especially important when generating event logs automatically, since an incorrect or heterogeneous

161

Voronova K.D., Lyadova L.N. Automated Generation of Event Logs for Process Analysis Tasks Based on Unstructured Internet Sources.
Trudy ISP RAN/Proc. ISP RAS, vol. 38, issue 4, part 1, 2026, pp. 153-170.

model response structure can lead to errors during the normalization and XES file generation stage.
Thus, query templates perform several functions in the designed system: set the structure of a user
task, define mandatory and additional processing parameters, fix search and retrieval constraints,
provide communication with the ontological layer and increase the reproducibility of the result. In
combination with the ontological extension of the query, templates allow not only to formalize the
user's access to the system, but also to adapt it to the subject area and the requirements of subsequent
process analysis.

3.5 lllustrative Workflow of the Proposed Solution

To illustrate the proposed solution, consider a scenario in which an analyst seeks event information
about a process contained in news publications. In this case, the system is expected not only to
retrieve relevant textual data, but also to transform them into a structure suitable for event log
generation.

The first stage of the user script is to search and select text materials containing information about
events. This stage is implemented on the Search Texts tab and is designed to form a set of input texts
that can later be transferred to the stage of structuring and extracting facts. A feature of this module
is the use of a custom ontology to extend the search query. The user can download the domain
ontology in .ttl, .rdf, or .owl. After loading, the system processes the file and extracts the main
elements from it, including classes, properties, labels, comments, keywords and synonyms. The
received data is used to form an ontological context, which is then used to extend the user query.
After downloading the ontology, information on its content becomes available to the user. The
interface displays the ontological context and provides a visual representation of the ontology.

The next step is to set the user's search query. In the current implementation, the query is generated
based on keywords entered by the user through the interface. Each keyword is added to the list of
search parameters and can be deleted or replaced if necessary. This approach simplifies the task and
allows you to form a request in stages, without the need to manually compose expanded text. If the
ontology has been preloaded, the system automatically matches the entered keywords with the terms
extracted from the ontology and uses the associated concepts to expand the query. The ontology-
based layer provides the processing context, including the domain, event types of interest, possible
attributes, and source characteristics. On this basis, the system obtains textual materials from
external sources, after which a generative model is used to retrieve relevant information, identify
events, participants, temporal characteristics, and other attributes, and provide an initial structured
representation of the result.

After the input text is generated, the event extraction and structuring step is performed. The
transformation of the unstructured text description into a set of facts presented in a structured form
and suitable for the subsequent formation of an event log is the next step. In the implemented
prototype, event extraction is performed using an artificial intelligence generative model. The
prepared text and system instruction specifying the required response structure are passed to the
model input. Unlike a free text response, the result must be returned as a JSON array, where each
element corresponds to a separate event. The extracted data are then normalized and transformed
into a consistent internal representation. At the same time, the ontological layer preserves the query
formulation, processing parameters, and obtained results, which supports interaction history and
reuse of these data in similar tasks. As a result, a structured representation of event information is
produced, in which individual events can be interpreted as elements of a process. At the final stage,
these data are transformed into the XES format and can be used in process analysis tools, in
particular in ProM. Thus, the proposed solution supports the full processing cycle, from analytical
task definition and information retrieval to event log generation for subsequent process analysis.
Additionally, the user can set domain-specific attributes that reflect the features of the analyzed text.
For example, for materials about the sanitary and epidemiological situation, such attributes can be
the type of infection, the number of cases; for economic messages - an indicator of cost, price change
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or volume of supplies; and so on. Additional attributes can be set in two ways. The first method
involves manually adding attributes by the user. The second method is based on the use of an LLM
service: the user can request attribute suggestions for the source text, after which the model analyzes
the material and returns a list of potentially significant characteristics. Received attributes are not
automatically included in the extraction scenario. The user views the list and adds only those
attributes that match the purpose of the analysis (Fig. 6). The result of event extraction with
additional attributes are shown in Fig. 7.

Source text Extraction settings

Attributes for extrsetion

Required attributes

Additional attributes

Selected sdeitionsl attributes

wn_bite_caves X

Fig. 6. Specifying source text and additional attributes for event extraction.

1 PEK Mepuin, 2026: nowns 400 AeTed noCTpasANM o7 ywycon Kneusel o Mpscase Ha 13 wan 2026 rosx: 1843 obpausens, 393 petinma

Nopows MOAKDAMT AAR BAICAOID CoBuITIN TERYULES Ca3ond

Fig. 7. Presentation of extracted facts with additional attributes.
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After extracting facts, the user receives not only a JSON representation of the result, but also a list
of facts in the form of separate cards. Each card contains a brief description of the event, process
instance ID, timestamp attribute, information on participants and event location if these attributes
were highlighted from the text. This presentation makes the result more convenient for viewing and
preliminary verification. An important feature of the implemented prototype is the ability to custom
select extracted facts. If an individual event was highlighted incorrectly, is not relevant, or should
not be included in the resulting event log, the user can delete it before the XES file is generated.
This reduces the impact of possible errors in the generative model and improves the quality of the
final set of events.

After extraction and fact checking by user, the last step of the processing pipeline is the generation
of an event log in XES format. At this step, the structured set of events is converted to the event log
format suitable for use in Process Mining tools (Fig. 8).

"1.0" xes.features="nested-attributes™>

ept:name” values"default_case” >

e="1 PEK MNepMs, 20261 NouTk 400 peted

el B Mpukamse Ha 13 man 2026 ro,

cept:iname™ va “Xopowo noaxomnumt anA Gazosoro cobwTea

13 man 2026" />

"NepMckom Kpa

allback_2°

Fig. 8. Fragment of the generated XES log with additional event attributes.

After successful log generation, the server creates a processing job and stores the result in the internal
application store. The link to download the XES file is returned to the user. The generated file can
be downloaded through the system interface and then used in external Process Mining tools.

4. Experimental Results and Discussion

Experimental research is aimed at checking the operability of the implemented prototype system for
automated generation of event logs based on text data extracted from open Internet sources. The
main purpose of the experiment is to assess the possibility of using the developed system to perform
a full processing cycle: from the formation of a search query using ontological support to the
extraction of facts and the formation of an event log in XES format.

Environmental and man-made accidents were selected as the subject area for the experiment. This
area is convenient for checking the developed approach, since information about such events is often
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presented in open text sources and contains heterogeneous characteristics: date and place of the
incident, participants, causes, consequences, information about the victims, the scale of damage,
pollutants and other additional parameters. The presence of such characteristics allows us to check
not only the extraction of basic events, but also the possibility of highlighting additional attributes
that are significant for subsequent analysis.
The overall experimental study scenario includes the following steps:
1) loading domain user ontology;
2) defining initial keywords;
3) formation of an extended search query using ontology;
4) search for texts according to user's request;
5) selection of relevant materials by user;
6) generation of input text for structuring;
7) defining the additional attributes for extraction;
8) fact extraction using a generative model;
9) verification and selection of extracted facts by user;
10) generation of event log in XES format;
11) analysis of the results.

An experiment is considered successful if the system expands the search query based on ontology,
generates a set of relevant text materials, extracts structured facts from them with mandatory and
additional attributes, and generates an event log in XES format. Additionally, the possibility of user
control at the stages of selecting materials and checking the extracted facts is evaluated, since these
operations can reduce the impact of automatic processing errors and improve the quality of the final
event log.

To conduct the experiment, a user ontology of the domain of environmental disasters was used (Fig.
9). An ontology contains concepts, keywords, synonyms, related terms, and event attributes that can
be used when expanding a search query and setting a subject processing context.

The expected result of using ontology at the query generation stage is the extension of the original
user query due to terms associated with the entered keywords. For example, when entering the
keyword “accident” the system considers not only direct coincidence with this word, but also
synonymous and related concepts. The result of generating a search query using ontological
extension is shown in Fig. 10. Some keywords added with ontology were removed to search for
events related only to accidents, emissions, oil pollution, and damage.

As a result of the search, the system generated a set of text materials related to environmental and
man-made incidents accompanied by a spill of oil, fuel or other petroleum products. Information on
events found in Internet sources is presented in the form of cards containing the title, source and a
brief text description of the event (Fig. 11). The formed sample included reports of a diesel fuel spill
in Norilsk, a tanker accident off the coast of Mauritius, an incident on the Druzhba oil pipeline in
the Bryansk region, a fuel oil spill in the port of Nakhodka and an accident at a field in Komi, and
SO on.

Fact extraction was performed using two generative models connected to the implemented
prototype. This made it possible to compare the quality of structuring the same Russian-language
input text with the same set of mandatory and additional attributes. The prepared text block, system
instruction, mandatory event structure and a list of selected additional attributes: substance_type,
substance_volume and environmental_objects were passed to the input of each model.

In the first embodiment, processing was performed using the deepseek-v32 model. This model
highlighted a larger number of events, but the result was less suitable for testing work with additional
attributes. The model fragmented the source materials into individual events, for example, it
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highlighted not only the incident itself, but also individual information about the leak, the
participants in the liquidation and the place of pollution. At the same time, additional attributes were
not filled in with most cards. This shows that the model was able to select mandatory event attributes
but did not fulfill the requirement to extract domain-specific attributes into a given structure.
taccident a :Concept ;
rdfs:label "asapua"f@ru
:hasFeyword "aeapua®™ ;
:hasSynonym "ummmmpent”, "npomcmecTeme”, "UN", "semrarTHar cuTyauma" ;
:relatedConcept :incident, :emission, :leakage, :pellution, :cleanup

temission a :Concept ;
rdfs:label "sufpoc"@ru ;
:hasReyword "sufpoc" ;
:hasSynonym "sufpoc sarpRausoopx semecTte",
"pufpoc speauux semecTe”,
"nonagamme BsemecTEA B OXpYXaomymo cpeay” ;

:relatedConcept :pollution, :accident, :chemical spill

:pollution a :Concept ;

rdfs:labsl "marpaaxexme"@ru ;

thasReyword "sarprRanexms” ;

thasSynonym “sapaxenme”,
"yXyomeHuMe COCTORHMA OKpyXaomed cpemm",
"nonajaMmMe SATPASHADOMX BemecTs" ;

:relatedConcept :emission, :leakage, :waste_discharge,

:radiation_contamination .

tevacuation a ::ClﬂC!F-t H
rdfs:label "smakyaums"@ru ;
thasFeywo "apakyaums" ;
"puro3 mogei”, "orcenenmwe”,
"nepememense naceneHua”, "BpeMeHHoe pazmMemenne”
:relatedConcept :rescue_operation_concept, :emergency mode concept

Fig. 9. Fragment of the domain ontology.

Keywords

anapun X un x wHUMgenT X HewTaTHaN cHTyauMn | X nponcwecTine X
BOIHWRHOBEHWE IKOAOTHUECROR KaTacTpodu X BOTHUKHOBEHWE KATACTpOGM X zaduEcHporana katactpoda X
npouzowna asapus X CAYUMADCH NpoKcwecTane X wubpoc X BLBpoc BpeaMLX pewecTn X

HGPOC JArPAINMIOUWMX BewecTn X " BOWECTRA I OKP] uyw cpegy X 3arpAINEHME X pazaup wedru X

JarprINesMe HegTenpogyTamm X regrepazann X yTousa negma X apawionme X

NONAAIHNE JMPRIHMIOUMX BEULECTE X YXYALIEHNE COCTORNMA ORPYMBIOWIER CPea X 3arpAINENHan aKaaTopun X

3ArpRIHEHME BogoEua X SATPRIHEHME BOgL X JarpRIHEHHE pekn X nedrn X Hedrenpogyxthi X

maryr X Tonaueo X yueps pazmep ywepfa X MaTEpHANLHEIR yulepl X moHoMuuecKiit yuiepl X

nocaeacTEMe coBlimia X nanmrime X nocreacTame | X pesynwrar X oueHxa yuiepSa X

ougrKa nocreacTanMi | X noacult ywepta X pacult ywepSa X IMonOMuecKHil yieps X

Bpea oxpywarowei cpege X YXyAWEHNE IKOACFMUECKOR obCTanoRxn X OUEHMBANWE NOCABACTIA X

Fig. 10. The result of search query extension with domain ontology.
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Y4ICTEOEAAM COTPY MUC Pocci, Pocnpup Pa M CAMOTD «HOp . MHLpaeHT Np & HOpHALCKE KPICHORPCKOTD KDaR,
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Pl M Ay PTh. VHURASHT NPWBEN K JAPRIHEHID poay ¥ piu y ropoaa MasGyp, yrpoxas
M3HTPOBLIM MECIM W :opannonuu prpan.

B anpene 2019 roga Ma Tepputopiit BpaHccod ofinacti Buun ofkapyxen pazpeis HedTenpoBoaa =/Ipyxias, NpuHagneaero <TpascHed s,
Yreuxa Chipoil He@Ti Npou3owaa 19-20 anpens. B paboTax Nno MOKARMISUMM PAZAMEa K OTKIUKE HEQTH C BOSHOR NOBEPXHOCTH YUCTEORAAN
CneUManMCTe! «TpaHcHedTits, MUYC i nogp o @, Jarp o pexy Hepycca B Hasamkoxoum paione, Beuna
o yTa BoHoBan 3ar

€ MazyTa B
3 woaGpa 2020 roaa B nopTy Haxoaxm Mpumop Xpas np CHTYALMA NPX Nep MAZYTA € TAHKEDA <33/ME AMEDVES= K3
BeperoBsie pelepeyape.. M3-3a paIpsEa WAGHIA NPOWICILEN PALAKE OKOND 40 KyBomeTp poayxTos. B YHICTEOBAMM CHbI
nopra, PHiHO-CNacaT: cnyxbil 1t Pocnpup Opa, 3arpRIHEHHON OKa2aNack aKBaTopuA By Haxoaxa, s ofopa MazyTa S

MpHMEHEHE! COPOEHTE U BOHOBLIS IAMPANASHUA

AnapuA Ha mecToposaenun B Ko
ource: Kouuepcanmy

B wione 2021 roaa Ha MECTOP Bt CKpYTE, paip =/Tykofif=, NPOMIOLUNE SBAPWR
€ BuGpOCOM W PAIAMBOM HEQTH. VIHLMABHT CYSACA 12 MIOHA BO BPEMA PEMOHTHBD PaGOT. B AOKARMIILMM NOCABACTEMA Gblti 2318ACTEOBIH
COTPYAHNIN KOMNSHIIM i NDUBABYEHHLIE NOAPAANMIKA B PEIYALTATE NPOWCIUECTEWA Gbina JArPAINEH TEPPYTOPUA BENMIN pexs KOABA, NPOBEASHS
MEPONPHATIA NO CHOPY HEPTH C rPyHTa.

Fig. 11. Search results for text materials with advanced query: event descriptions in cards.

In the second embodiment, processing was performed using the YandexGPT model. This model
highlighted fewer events, but the result turned out to be more consistent with the task of the
experiment. The events were presented in a more enlarged manner, without excessive fragmentation
of the source text into separate fragments. In addition, the model correctly filled in additional
attributes: the type of pollutant, the volume of the spill and the affected natural objects were
highlighted. For example, for the accident in Norilsk, substance type, substance volume and
environmental_objects were filled in, which allows you to use the result to demonstrate the extended
structure of the event.

The user interface for selecting additional attributes for received texts is shown in Fig. 12.
Comparing the results showed that a higher number of extracted events does not always mean a
higher quality result for the event log generation task. For the experiment in question, the
consistency of the event structure, filling in the selected additional attributes and the suitability of
the result for subsequent conversion to XES format are more important. Therefore, the result
obtained using the YandexGPT model was selected for further analysis and event log generation.
Log generation results in XES format are shown in Fig. 13.
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Fig. 12. The user interface for selecting additional attributes for texts containing event descriptions.

v<event>
<string key="concept:name” value="asapua ¢ paznueom gusensHoro Tonnusa” />
<date key="time:timestamp” value="2820-95-29T00:00:00"/>
<string key="location" value="Hopwnecxk, KpacHoapckwi xpai”/>
<string key="cause" value="npocaaka pesepesyapa”/>
<string key="effect" value="yreuxa oxono 21 TecAYM TOHH HedTENPOAYKTOB, 3IarpASHEHHE pex
Ambapuan w flangmkan, nous”/>
<string key="source” value="T3U-3 Hopunbcko-TaAMupcKoR IHEPreTHYECKOR xoMnawuw” />
<string key="actors" valu coTpyamMukn MYC Poccwum, Pocnpup agzop, Hop />
<string key="fact_id" value="1"/>
<string key="extra:substance_type” value="gusenswoe Toniueo” />
<string key="extra:substance_volume” value="21000 vown"/>
<string key="extra:environmental_objects” value="pexu Ambapwan w fanguxaw, nousw™/>

</event>

v<event>
<string key="concept:name"” value="obwapyxew pazpwe wedrenposopa «fllpyxban”/>
<date key="time:timestamp” value="2820-04-19T00:00:00"/>
<string key="location" value="weprenposos wflpywban™/>
<string key="cause" value="paspus"/>
<string key="effect” value="yTeuxa cwpoRt wedru"/>
<string key="source” value="TpancHedTo"/>
<string key="actors" value="TpancHedts"/>
<string key="fact_id" value="1"/>
<string key="extra:substance_type” value="cwpan wedrs"™/>
<string key="extra:substance_volume” value="null"/>
<string key="extra:environmental_objects” value="pexa Hepycca"/>

<fevent>

Fig. 13. Fragment of the generated XES log with additional event attributes.

The results of the experiment showed that the ontological extension of the request works in
accordance with the task. The system is not limited to the user's original keywords, and supplements
them with terms related to the selected subject area. To advanced search the context included
concepts relating to accidents, oil spills, pollution of water bodies, petroleum products, damage and
consequences incidents. This made it possible to obtain materials containing non-general
descriptions subject area, and specific event information. The results of the experiment showed that
the ontological extension of the request works in accordance with the task. The system is not limited
to the user's original keywords, and supplements them with terms related to the selected subject area.
This made it possible to extend results, obtain materials containing non-general descriptions subject
area, and specific information on events.
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5. Conclusion

The paper proposed an approach to the automated search, extraction and structuring of event
information from unstructured textual sources for process analysis tasks. It was shown that the
combination of knowledge-driven and Al-based components makes it possible to combine semantic
consistency, interpretation support, and result preservation with flexibility in retrieval, extraction,
and initial structuring of information.

The experimental scenario confirmed the feasibility of retrieving relevant textual materials,
extracting events and their attributes, and forming a structured representation suitable for further
processing. At the same time, the results showed the need for additional data normalization and
expert interpretation of part of the extracted information. Future work is related to the
implementation of software in accordance with the proposed architecture, further development of
the ontological basis of the solution, and extension of automatic event log generation with tools for
processing additional attributes at process analysis.

References

[1]. Marin-Castro H.M., Tello-Leal E. Event Log Preprocessing for Process Mining: A Review. Applied
Sciences, 2021, vol. 11, no. 22, article 10556. DOI: 10.3390/app112210556.

[2]. Pegoraro M., van der Aalst W.M.P. Mining Uncertain Event Data in Process Mining. Proc. of the
International Conference on Process Mining, 2019, pp. 89-96. DOI: 10.1109/ICPM.2019.00023.

[3]. Alves de Medeiros, A.K., van der Aalst W.M.P. Process Mining towards Semantics. Lecture Notes in
Computer Science (LNISA), vol. 4891, 2008, pp. 35-80. DOI: 10.1007/978-3-540-89784-2_3.

[4]. Cremerius J., Weske M. Data-Enhanced Process Models in Process Mining. Preprint. 2021.
DOI: 10.48550/arXiv.2107.00565.

[5]. Cremerius J., Weske M. Change Detection in Dynamic Event Attributes. Business Process Management
Forum (BPM 2022). LNBIP, 2022, vol. 458, pp. 157-172. DOI: 10.1007/978-3-031-16171-1_10.

[6]. Cremerius J., Weske M. Context-Aware Change Pattern Detection in Event Attributes of Recurring
Activities. Intelligent Information Systems (CAIiSE 2023). Lecture Notes in Business Information
Processing, 2023, vol. 477, pp. 1-8. Springer, Cham. DOI: 10.1007/978-3-031-34674-3_1.

[7]. Lyadova L., Platunov A., Lanin V., Zamyatina E., Matta N. An Approach Based on the Multifaceted
Ontology to Development of Event Series Processing Tools. Knowledge Discovery, Knowledge
Engineering and Knowledge Management (IC3K 2023). Communications in Computer and Information
Science, 2025, vol. 2454, pp. 232-250. Springer, Cham. DOI: 10.1007/978-3-031-87569-4 11.

[8]. Platunov A., Lyadova L., Matta N., Lanin V., Zamyatina E. An Approach to Developing Ontology-Based
Tools for Event Series Analysis. Proc. of the 15th International Joint Conference on Knowledge
Discovery, Knowledge Engineering and Knowledge Management, vol. 2: KEOD, 2023, pp. 323-330.
DOI: 10.5220/0012259100003598.

[9]. Adnan K., Akbar R. An Analytical Study of Information Extraction from Unstructured and
Multidimensional Big Data. Journal of Big Data, vol. 6, issue 1, 2019, pp. 1-12.
DOI: 10.1186/s40537-019-0254-8.

[10]. Shalyaeva I., Lyadova L., Lanin V. Events Analysis Based on Internet Information Retrieval and Process
Mining Tools. Proc. of the IEEE 10th International Conference on Application of Information and
Communication Technologies (AICT 2016), 2016, pp. 168-172. DOI: 10.1109/ICAICT.2016.7991678.

[11]. Shalyaeva I., Lyadova L., Lanin V. Ontology-Driven System for Monitoring Global Processes on Basis
of Internet News. Proc. of the IEEE 11th International Conference on Application of Information and
Communication Technologies (AICT 2017), 2017, pp. 385-389. DOL: 10.1109/ICAICT.2017.8687086.

[12]. Abrosimova P., Shalyaeva I., Lyadova L. The Ontology-Based Event Mining Tools for Monitoring Global
Processes. Proc. of the IEEE 12th International Conference on Application of Information and
Communication Technologies (AICT 2018), 2018, pp. 108-113. DOI: 10.1109/ICAICT.2018.8747094.

[13]. Zayakin V.S., Lyadova L.N., Lanin V.V., Zamyatina E.B., Rabchevskiy E.A. An Ontology-Driven
Approach to the Analytical Platform Development for Data-Intensive Domains. Knowledge Discovery,
Knowledge Engineering and Knowledge Management (IC3K 2021). Communications in Computer and
Information Science, vol. 1718, 2023, pp. 129-149. DOI: 10.1007/978-3-031-35924-8 8.

[14]. Liu Y., Li S. AutolE: An Automated Framework for Information Extraction from Scientific Literature.
arXiv preprint, 2024. DOI: 10.48550/arXiv.2401.16672.

169

Voronova K.D., Lyadova L.N. Automated Generation of Event Logs for Process Analysis Tasks Based on Unstructured Internet Sources.
Trudy ISP RAN/Proc. ISP RAS, vol. 38, issue 4, part 1, 2026, pp. 153-170.

[15]. Johnson T., Clark E., Adams M. LLM-AIx: An Open Source Pipeline for Information Extraction from
Unstructured Medical Text Based on Privacy-Preserving Large Language Models. medRxiv preprint,
2024. DOI: 10.1101/2024.09.02.24312917v1.

[16]. Muxees A.A., Spsiruna E.C. KoHueniums MoJAenMpoBaHus CEMaHTHYECKOIM Pa3METKH KOPITyCOB TEKCTOB
Ha 0Oase coObrtwifHOM  oHTOmormu. Russian Linguistic  Bulletin, 2024, N 1 (49).
DOI: 10.18454/RULB.2024.49.37. / Mikheev A.A., Yarigina Y.S. The Concept of Modelling Semantic
Markup of Text Corpora on the Basis of Event Ontology. Russian Linguistic Bulletin, 2024, no. 1 (49).
DOI: 10.18454/RULB.2024.49.37 (in Russian).

[17]. MaM., Wang P., YangJ., Li C. OntoEvent: An Ontology-Based Event Description Language for Semantic
Complex Event Processing. Proc. of the 16th International Conference on Web-Age Information
Management, 2015, pp. 348-359. DOI: 10.1007/978-3-319-21042-1_38.

[18]. Miheev A. A. Semantic and Event Ontology EventOnto: Basic Terminological Framework, Development
Processes and Principles of Subject Unit Classification. International Research Journal, 2024, no. 8 (146).
DOI: 10.60797/IRJ.2024.146.26.

[19]. Lanin V., Lyadova L., Zamyatina E., Vostroknutov N. An Ontology-Based Approach to Social Networks
Mining. Proc. of the 13th International Joint Conference on Knowledge Discovery, Knowledge
Engineering and Knowledge Management, vol. 2: KEOD, 2021, pp. 234-239. DOI:
10.5220/0010716600003064.

[20]. Zayakin V., Lyadova L., Smirnov M., Lanin V., Matta N., Zamyatina E. Event Series Generation and
Analysis Based on Multifaceted Ontology. Proc. of the IEEE 16th International Conference on Application
of Information and Communication Technologies, 2022 (AICT 2022), 6 p.
DOI: 10.1109/AICT55583.2022.10013573.

[21]. Ritter A., Mausam M., Etzioni O., Clark S. Open Domain Event Extraction from Twitter. Proc. of the 18th
ACM SIGKDD International Conference on Knowledge Discovery and Data Mining, 2012,
pp. 1104-1112. DOI: 10.1145/2339530.2339704.

[22]. Yao Z.,LiQ., Pan L., Wu Q., Cheng J., Liu Q. A Context- and Time-Aware Model for Knowledge Graph
Fact Extraction. Proc. of the 14th ACM International Conference on Web Search and Data Mining, 2021,
pp- 865-873. DOI: 10.1145/3447548.3467272.

UHgpopmayus 06 aemopax / Information about authors

Kpucruna  ImutpumeBna BOPOHOBA -  cryzment wmaructpatypel — HarmonanbHoro
HCCIIeIOBATENIbCKOr0 yHHMBepcuTeTa «Bbicmas mkona skoHomukw» (HUY BIID — Ilepwms),
obpasoBarenbHast nporpamma «busnec-umadopmaruka». Cdepa HaydHBIX HHTEPECOB: aHAIM3
TPOIIECCOB, 00pabOTKA TEKCTOB, TeHEPAaTUBHBIE MOIEINH, OHTOJIOTHYECKOe MOJIEIHPOBaHHUE.

Kristina Dmitrievna VORONOVA — master student at the National Research University “Higher
School of Economics” (HSE University, Perm Branch), educational program ‘“Business
Informatics”. Research interests: process analysis, text processing, generative models, ontology-
based modeling.

JIronmuna Hukonaepna JISIJJOBA — xaHamaaT QpU3MKO-MAaTEMAaTHYECKHX HAyK, IOLCHT, JOLCHT
Kadenpsl MH(GOPMAIMOHHBIX TEXHOJIOTHMH B Ou3Hece HamMoHANBHOTO HCCIEROBATEIBCKOTO
yHUBepcuTeTa «Bricmias mkona skoHomukny (HUY BIID — ITepmb). Chepa HaydHBIX HHTEPECOB!
S3BIKH  MOJENHMPOBAHHUS,  IPEAMETHO-OPHEHTHPOBAHHOE  MOJEIMPOBAHHE,  S3BIKOBBHIC
nacTpymentapun, CASE-cpencTsa, cucTeMbl HIMHTAIHOHHOTO MOJIETUPOBAHHS.

Lyudmila Nikolaevna LYADOVA — Cand. Sci. (Phys.-Math.) in Computer Science, Associate
Professor of the Department of Information Technologies in Business of the National Research
University “Higher School of Economics” (HSE University, Perm Branch). Research interests:
modeling languages, domain specific modeling, language toolkits, CASE tools, simulation systems.

170



